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A Estimating Age Method by Extracting Facial Features of Shapes and Textures
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Abstract: This paper used ASM (Active Shape Model) to divide a facial image into a number of triangles, used LBP (Local Binary
Pattern) to extract texture features of each triangle, and then used support vector regression for age estimation. The experiments were
conducted on the famous FG-NET age database by Leave-One-Person-Out (LOPO) strategy. And the Mean Absolute Error (MAE)

and the CumScore were used as evaluation criteria. The results show that the MAEs of the proposed algorithm is less than that of the

state-of-the-art AGES algorithm in both age estimation and age range estimation. Meanwhile, we also find the texture of the mouth

region has little influence on age estimation.
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Fig.6 the first person in FG-NET database
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Table 2 the MAE and Hit Rate of the experiments
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